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Z. Niu, Y. Wu, J. Gong and Z. Yang, "Cell zooming for cost-efficient green cellular networks," in IEEE Communications Magazine, vol. 48, no. 11, pp. 74-79, Nov. 2010.
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O Convolutional Neural Networks (BRI ZE)

AT a8

Z&F#R1E (convolution) 1o [ 93*1+9270+91*-1
ZL')’/Q%% (kernel) 20 L2f +1023f+i3330313§*§
$1< (stride) 0y -1 =1
% 93 (*92 | 91 | 90 | 89 | 90 | 90 | 90 | 91 | 93

- 98 | 98°{. 98 | 97 | 97 | 95 | 94 | 94 | 95 | 96

J 102 | 104 165!' 105 | 105 | 103 | 103 | 103 | 102 | 102

104 | 105 | 107 | 108 | 109 | 108 | 108 | 108 | 108 | 107

102 | 104 | 106 | 108 | 108 | 107 | 107 | 107 | 107 | 106

99 | 99 | 101 | 103 | 105 | 104 | 104 | 103 | 103 | 102

99 | 99 | 97 | 101 | 103 | 105 | 105 | 104 | 103 | 103

96 | 95 | 95 | 97 | 98 | 102 | 102 | 103 | 103 | 104

98 | 96 | 96 | 97 | 99 | 101 | 103 | 105 | 107 | 109

Sobelﬁ_?r, FE 101 | 100 | 101 | 103 | 105 | 107 | 109 | 112 | 115 | 117

12/41




AEF JEPE

O Convolutional Neural Networks (ZEFAFHRZM2Z)
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from keras.models import Sequential

from keras.layers import Conv2D, Dense, Activation, MaxPool2D, Flatten

model = Sequential()

first layer = Conv2D(

model.add(first layer)

for 1 in (3):
model.add(Conv2D( =32,
model.add(Activation( ' relu’))
model.add(Conv2D( =32,
model.add(Activation( relu’))
model . add (MaxPool2D(

model .add(Flatten())

model .add(Dense(18))

model.add(Activation( sigmoid'))
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FMEoE: RMSE = \/ 2 2@ — &)
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Epochs 100 How many times we trained on the data

Learning rate | 0.005 | Learning rate of optimizer

Dropout 0.2 Drop a specific percent of connections between two layers
Filters 32 Number of feature maps

Closeness size | 3 Short term dependency

Period size 3 Middle term dependency
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Chuanting Zhang

Code: https://github.com/zctzzy
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